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Abstract 

The use of artificial intelligence (AI) in the creation of social media posts, product descriptions, brand copy, 

and advertising images is growing. Businesses and regulators must determine how AI-generated marketing 

should be acknowledged as it becomes more commonplace. Existing evidence does not support a simple 

conclusion. Although an AI label can indicate transparency, innovation, and technological proficiency, it can 

also diminish the authenticity, credibility, and emotional sincerity of the content. The review results indicate 

that the effectiveness of disclosure depends on the meaning consumers assign to the label and whether the task 

is suitable for AI. Functional and utilitarian contexts tend to be more readily accepted, while emotional and 

highly personalized contexts are more likely to provoke consumer aversion to AI. Evidence from Chinese 

consumers supports both the benefits of novelty and the loss of authenticity. Therefore, China's mandatory 

labeling environment provides an important context for future field and cross-cultural studies. 
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1. Introduction 

Generative AI has moved from an experimental tool to a practical part of marketing production. Firms can 

now use it to develop advertising images, write product descriptions, adapt brand messages, and produce social 

media content at a speed and scale that would be difficult through human labor alone. This development 

extends the broader influence of AI on marketing strategy and consumer behavior described [1]. However, the 

increasing popularity of generative artificial intelligence has also brought businesses a new choice: whether, 

when, and how to inform consumers that artificial intelligence has participated in the generation of information. 

Disclosure is often defended as a matter of transparency, yet its persuasive consequences remain unsettled. 

Some studies suggest that an AI label can make an advertisement appear innovative and increase engagement. 

Other studies have found that the same labels can reduce credibility, empathy, authenticity, or behavioral intent. 
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Still other studies report that such labels are almost harmless or completely harmless. These findings constitute 

a paradox of AI-driven information disclosure that labels may convince consumers that a company is honest, 

but they also remind them that the content was not created by humans. 

The question is particularly relevant in China. The Measures for Labeling Artificial Intelligence-Generated 

and Synthesized Content, which went into effect on September 1st, 2025 [2], define implicit labels that are 

contained in content files as well as explicit labels that users can see. As labels become more common, 

customer responses become a part of the regulated platform environment as well as a voluntary marketing 

concern. 

This review addresses three questions. The first question asks how AI disclosure influences trust, perceived 

authenticity, attitudes, and behavioral intentions. The second question examines the positive and negative 

psychological mechanisms behind these responses. And the third one considers how task type, product type, 

emotionality, and consumer characteristics shape disclosure effects in the Chinese context. The article argues 

that disclosure has no fixed persuasive value. Its effect depends on what the label signals and whether 

consumers believe AI is appropriate for the task. 

2. Review Scope and Approach 

This paper does not employ statistical meta-analysis. Instead, it provides a comprehensive literature review, 

integrating theoretical discussions, experimental studies, and meta-analysis results on AI-generated marketing 

content disclosure. The research scope includes advertising images, brand information, charitable advertising, 

and social media content. Key findings examined include consumer trust, credibility, authenticity, attitudes, 

engagement, purchase intention, sharing intention, and donation intention. Only studies specifically focusing 

on AI performance that help explain the relevant context are included. No new survey or experimental data 

were collected. This approach is advantageous because research on AI-driven information disclosure is still 

developing, involving diverse theories, methodologies, and market environments. However, comparing these 

findings requires caution, as different studies use different disclosure labels, media formats, product types, 

samples, and outcome metrics, making direct comparisons impossible. Furthermore, many experiments only 

measure consumer intention after a single ad view, without observing repeated exposure or actual behavior. 

Therefore, this review focuses on common findings and factors potentially influencing consumer responses, 

rather than calculating an overall effect size. 

3. Theoretical Framework 

3.1 Signaling Theory 

Signaling theory concerns situations in which one party possesses information that another party cannot 

directly observe [3]. Consumers can learn how a marketing message was created by reading a disclosure label. 

Disclosure may indicate honesty, transparency, technical competence, and respect for customers' right to know 

when it seems voluntarily or appropriately carried out. An AI label can also attract attention by marking the 

content as new or innovative. According to this interpretation, transparency promotes trust and lessens 

information asymmetry. 

The signal is not automatically positive. The same label may imply that the firm invested little human effort, 

adopted AI mainly to save money, or cannot offer genuine emotional understanding. Thus, disclosure separates 

the fact being communicated from the meaning assigned to it. Consumers may appreciate the honesty of the 

disclosure but dislike what AI involvement suggests about the message. Signaling theory, therefore, explains 

why one label can produce competing inferences. 

3.2 Persuasion Knowledge and Manipulative Intent 

The Persuasion Knowledge Model proposes that consumers develop knowledge about marketers’ goals and 

tactics and use it to cope with persuasion attempts [4]. An AI label can activate this knowledge by drawing 

attention away from the advertised object and toward the method used to construct the appeal. Consumers may 

ask why AI was used, whether the content represents a real experience, and whether the advertiser is trying to 

create an emotional reaction through synthetic material. 
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One possible consequence is an inference of manipulative intent. Campbell shows that attention-getting 

tactics can produce resistance when consumers believe the tactic serves the advertiser more than it benefits the 

audience [5]. In AI advertising, this inference may be especially strong when a synthetic face, voice, or story 

imitates human emotion. Manipulative intent is therefore best understood as a mechanism within persuasion 

knowledge rather than as a separate theory. Once activated, it can reduce message credibility and authenticity, 

which then weakens attitudes and behavioral intentions. However, information disclosure can also reduce 

concerns about manipulation by making the production process more transparent. The end result depends in 

part on whether the label is interpreted as a warning or evidence of honest communication. 

3.3 Capability-Personalization Framework 

The Capability-Personalization Framework helps explain why consumers may favor AI in some situation 

but prefer humans in others. Based on 442 effect sizes from 163 studies, Qin et al. found that AI appreciation 

is more likely when AI is considered more capable than humans and personalization is not necessary [6]. 

Negative reactions are more likely when AI seems less capable or when consumers expect individualized 

attention. Therefore, consumer responses depend on whether the strengths of AI match the requirements of the 

task. 

AI might seem appropriate in marketing for data-driven targeting like factual product descriptions and 

standardized tasks. Charity appeals, luxury narratives, and identity-relevant messaging, on the other hand, may 

call for empathy, personal experience, or a specific human goal. Even excellent technical excellence might not 

be sufficient in some situations to meet the desire for customization. In line with task-dependent algorithm 

aversion, the theory thus predicts that the same revelation may be approved in an objective task and rejected 

in a subjective one [7]. 

The three viewpoints come together to provide a dual-path explanation. Information disclosure can have a 

positive impact through transparency, novelty, and perceptibility, or a negative impact by persuading 

knowledge, manipulating intent, and reducing credibility or authenticity. Context determines which route 

carries more weight. 

4. Literature Review 

4.1 Positive and Neutral Effects 

Evidence for a positive pathway is clearest when disclosure adds novelty without challenging the message’s 

core value. Shi and Jiang conducted three online experiments with Chinese participants and found that AI 

disclosure labels increased perceived novelty [8]. This increase improved attitudes toward the advertisement 

and product as well as purchase intention. The same studies also detected an opposing authenticity pathway, 

meaning that a favorable net response should not be interpreted as the absence of concern. Instead, novelty 

and authenticity operated at the same time. 

Du et al. also found that AI-generated ads can increase psychological and behavioral engagement [9]. 

Psychological engagement helps explain behavioral engagement, and specific AI labels can influence 

behavioral responses such as likes, comments, and shares, although they do not significantly change 

psychological engagement. The study used a relatively simple ad and a well-known brand, so the findings are 

more convincing as evidence of a possible positive effect than as evidence that the label generally increases 

engagement. 

Neutral findings are equally important to the paradox. Kirkby et al. tested brand texts presented as AI-

generated, human-written, or undisclosed. AI disclosure did not significantly reduce perceived brand-voice 

authenticity or brand attitude [10]. Consumers may regard product specifications, descriptions, and familiar 

chatbot language as tasks that can be automated without violating expectations of genuine human experience. 

This result cautions against treating the disclosure label itself as a penalty. Transparency is acceptable and does 

not cause measurable harm to the brand when the use of AI is appropriate for the communication task. 
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4.2 Negative Effects 

Negative effects become stronger when the message depends on trust in a real person or real suffering. 

Arango et al. examined AI-generated children’s faces in charitable advertising [11]. Knowing that the faces 

were artificial lowered donation intention by reducing empathy and related emotional responses, including 

anticipatory guilt and perceived emotion. The problem was not merely that participants noticed a persuasion 

tactic. A psychological distance is created between the artificially created beneficiaries and the human needs 

that the advertisement originally intended to convey. 

Baek et al. discovered a related but more cognitive process [12]. In prosocial advertising, the initial 

disclosure of AI led to a more negative attitude towards the advertisement, while consumers' perception of the 

advertisement's credibility played a mediating role, lower credibility also led to a decrease in willingness to 

donate. However, this negative reaction was not pronounced among participants who perceived AI as more 

human-like. This moderating effect suggests that consumers react not only to the category label “AI” but also 

to their perception of its understanding and expressive capabilities. 

These findings suggest that transparency and trust should not be considered synonymous. Trust can still be 

compromised even if companies disclose their use of artificial intelligence if consumers perceive the source of 

the information as inappropriate. The ethical reasons for using artificial intelligence are also crucial. Arango 

et al. found that emphasizing the motivation to protect privacy improved user responses more than simply 

providing labels or emphasizing instrumental savings [11]. In emergency situations where real images are 

difficult to obtain, AI-generated images may be closer to real images. Therefore, the way the signal is 

interpreted can change people’s perception of the motivation behind it. 

4.3 Boundary Conditions 

Task type has proven to be one of the more reliable boundary conditions in the relevant literature. Wu et al. 

proposed an important distinction here: in the eyes of consumers, AI used for ad delivery is not the same as AI 

used for ad creation [13]. When people believe that AI can handle complex tasks, they are significantly more 

willing to share ads delivered by AI than ads created by AI. The mechanism behind this difference is that 

people's perception of the objectivity of the task influences the machine's heuristic algorithms. Ad delivery is 

a data-driven, optimization task, which fits perfectly with people's existing assumptions about what machines 

are good at; while creative production is inherently subjective. In this area, machine involvement will instead 

trigger more scrutiny. In addition, it is worth noting that this effect is not consistent across all results; changes 

in advertising attitudes, brand attitudes, purchase intentions, and word-of-mouth intentions are not 

synchronous. This alone is enough to explain why the literature on this topic appears inconsistent across 

different studies, which do not always measure the same thing. 

A similar pattern emerges when the comparison object changes from task type to product type. Shi and 

Jiang pointed out that utilitarian products amplify the positive “novelty” path while suppressing the negative 

“authenticity” path [8]. This is consistent with a common-sense observation: hedonic products rely heavily on 

sensory pleasure, symbolism, and emotional resonance. Therefore, compared to purely functional products, 

hedonic products will feel more strongly the lack of human intervention behind the content. This is quite 

consistent with the competence-personalization framework. Functional value can be verified to a large extent 

by objective standards, while hedonic value often depends on taste and experience, both of which are difficult 

to verify directly. In addition to task type and product type, there is another factor: the emotional intensity of 

the content itself. Du et al. found that emotional intensity has a negative impact on the relationship between 

AI-generated ads and user engagement [9]. In other words, the more an ad relies on emotional appeal, the more 

the source of the AI seems to have a negative impact on it, rather than becoming a neutral or accidental detail. 

Studies on charity advertising also show that when the persuasiveness of emotional appeals depends on 

empathy for real beneficiaries, such appeals appear fragile. The broader significance is not that AI cannot 

generate emotional content, but that there is a difference between technological authenticity and perceived 

sincerity. 

Consumer characteristics also determine which inference becomes dominant. Promotion-focused 

consumers reacted more strongly to novelty and were less impacted by authenticity loss in Shi and Jiang's tests, 

while prevention-focused consumers placed more value on risk and credibility [8]. Prior familiarity with AI 

can also reduce uncertainty, but this familiarity may also make consumers more wary of synthetic manipulation. 
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Perceived similarity between AI and humans can mitigate negative reactions [12], while beliefs about AI 

capabilities can influence consumers’ reactions to its performance of tasks [13]. These moderating factors 

answer the third research question, indicating that neither “the consumer” nor “AI information disclosure” are 

single, stable categories. 

5. Key Findings 

The first key finding is that simply disclosing information does not directly change consumers' level of trust; 

it merely provides users with a clue as to why AI is used and what impact AI has on information. Labels can 

indicate the freshness and authenticity of information, but they can also suggest a lack of human involvement 

or emotional understanding. Shi and Jiang observed that freshness and authenticity occurred simultaneously 

among Chinese participants, a phenomenon that explains the previous situation [8]. Therefore, the difference 

in results is not due to different consumer preferences for AI, but rather to different understandings of the same 

information disclosure. The Chinese regulatory environment serves as an example; the labeling measures in 

2025 will cover AI-generated text, images, audio, video, and virtual scenes, requiring the use of visible labels 

or metadata-based labels in different scenarios [2]. In this case, while labels can indicate AI involvement, they 

may also indicate that the content is restricted by platform and regulatory rules. This example illustrates that 

the meaning of information disclosure may depend more on the context in which the label appears than on the 

text of the label itself.  

The second finding is that matching tasks with information sources best integrates various forms of 

evidence. Consumers are more receptive when AI performs objective or standardized tasks, such as advertising 

and objective product descriptions [10, 13]; however, consumers are more resistant when information relies 

on empathy or life experience, such as in charity fundraising and hedonistic product scenarios [8, 11, 12]. 

Therefore, it is important not only whether AI is involved, but also whether consumers see AI as a legitimate 

source of specific information. This finding links actual evidence and capabilities with personalized 

frameworks. While capabilities can promote acceptance, they do not necessarily meet people's need for 

understanding [6]. This also explains why engagement, credibility, and purchase intention do not always 

change synchronously; task requirements and measurement results need to be considered together. 

The third finding is that information disclosure is only useful when it helps consumers build appropriate 

trust. While labels like “AI” can indicate the source of information, they rarely explain why AI is used, the 

level of human involvement, or the security measures taken. There is evidence that information disclosure 

follows a common process that leads people to judge the ability, motivation and degree of human involvement 

of the information source. These judgments then influence people’s views on the freshness, credibility, 

authenticity and emotional effect of the information, which in turn affect attitudes and behaviors. The specific 

results depend on which path has a greater impact. This comprehensive analysis adds an important distinction: 

transparency is not equivalent to calibrated trust. Labels such as “AI-generated,” “AI-assisted,” and “human-

reviewed” lead to different judgments because they imply different degrees of human responsibility. This is 

especially important in China because mandatory labeling will make information disclosure more and more 

common. However, the evidence in China is currently limited to online experiments [8]. Therefore, it is 

necessary to directly test the understanding of AI familiarity, platform trust, regulatory trust and demographic 

differences, rather than relying solely on assumptions. 

6. Implications and Future Research 

When disclosing their AI usage, companies should align their wording with their marketing. When 

disclosing their use of AI, companies should tailor their wording to their marketing objectives, rather than 

using a generic template. When the content involves practical information, such as product specifications or 

price comparisons, it's best to directly highlight the speed, consistency, or accuracy advantages brought by AI. 

Consumers care about the reliability of the information itself, making this type of disclosure more readily 

accepted. However, in scenarios heavily reliant on emotional connection, such as luxury goods, entertainment 

content, or charitable fundraising, the same approach may not work. In these cases, consumers are less 

concerned with how the content was generated and more concerned with whether there was genuine oversight. 

Therefore, the focus of disclosure should shift to whether employees participated in the content review, editing, 

or final approval process. Simply labeling it “AI-generated” only describes the production method and fails to 
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answer the more crucial question—why AI is used? This latter point forms the basis for consumers' judgment 

of a company's credibility and sincerity. However, it's important to note that disclosure itself is not a panacea. 

If consumers feel that the emotional appeal of the advertisement has been distorted or insincere, then no matter 

how detailed the label or how reasonable the explanation, it will be difficult to salvage the technological 

transparency or fill the content gaps. 

Most existing research relies on one-off experiments, where participants view an advertisement and fill out 

an attitude questionnaire to infer consumer reactions. The limitation of this design is that it captures more of a 

“one-off judgment in a laboratory,” which may not accurately reflect the actual behavioral patterns of 

consumers when repeatedly exposed to information on Chinese social media and e-commerce platforms. 

Future research would be more convincing if it shifted towards field experiments or real platform data. The 

details of the labels also deserve further exploration. Terms like “AI-generated,” “AI-assisted,” and “human-

reviewed” suggest different levels of human involvement, which may lead to different judgments from 

consumers regarding ad engagement and authenticity. However, few studies systematically compare the effects 

of these different expressions.  

Furthermore, cross-cultural comparison is a valuable but easily overlooked area. For comparisons to be 

truly meaningful, participants from different countries must be exposed to the same content and label formats. 

Only by controlling for these variables can we determine whether the observed differences stem from culture 

itself or from other confounding factors such as regulatory environments, platform usage habits, or translation 

wording. 

7. Conclusion 

Overall, existing literature does not offer a simple answer to whether AI-related information disclosure 

improves or harms consumer responses; the same label can have diametrically opposed effects on different 

consumers. Some consumers will see it as a sign of corporate honesty and a proactive pursuit of technological 

advancement, while others will question the credibility, sincerity, or purpose of the information. Signaling 

theory helps explain the first reaction, as disclosure conveys openness and innovation; the persuasive 

knowledge model explains the second reaction, showing that labels alert consumers to corporate persuasive 

strategies, leading to concerns about manipulation. The Capability-Personalization Framework adds an 

important condition: consumers are more accepting of AI when it appears suitable for a specific task and 

personal understanding is not a key factor. As AI-generated labels become increasingly prevalent in the 

Chinese online environment, these issues become even more critical; ultimately, consumers do not react solely 

to the label itself, but their judgments depend on what information they believe the label reveals and how much 

meaningful human intervention remains within that information. 
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